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Service Flow Chart
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proline <= 900.5
samples = 133
value = [44, 53, 36]

If condition :
class = class_1

is true
Condition Tru'e/

color_intensity <= 3.825
samples = 93
value = 5, 52, 36]
class = class_1

If condition
is false

samples = 46
value = [1,45,0]
class = class_1
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e BLACK BOX Tocay
- « Why did you do that?
THE BLACK BOX IS AN ALGORITHIM Machine Decision or * Why not something else?
THAT TAKES DATA AND TURNS IT INTO Training ol Leaming Learned Recommendation * Whendo you succeed?
SOMETHING. THE ISSUE IS THAT Data Process Function . x::: ::n)’r:::r’ouv
BLACK BOXES OFTEN FIND PATTERNS « Howdol corast :n rror?
WITHOUT BEING ABLE TO EXPAIN
THEIR METHODOLOGY. User
</21%4> </42%>
(ORIECTTEXT | ¢ OBJECTTEXT OUTPUT XAl Task
[HEAD( )]

= + | understand why
) New « | understand why not
Training N Machine M Explainable | Explanation « | know when you succeed
Data Learning Model Interface * | know when you fail
Process * | know when to trust you

* | know why you erred
User
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LIME(Local Interpretable Model-agnostic Explanations)
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Model Prediction
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LIME(Local Interpretable Model-agnostic Explanations)
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2. 71 0| = Ztof Cit = A& M H (Local Interpretation) A Z&O0| Ot E7 =0 CHet 2&O| 0= AntE
M
= O
3. At2HO| O|8l3t7| 4|2 HEHS| M H (Interpretable Explanations) 2 29| 0| =0 F&2 O/l = Ed(features)=
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<z mo oA ALY

https://towardsdatascience.com/understand-the-workings-of-black-box-
models-with-lime-92203f906431
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LIME(Local Interpretable Model-agnostic Explanations)
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[1%] TF-IDF 24 : Hd ZA

Top TF-IDF Words for df_type_0_cleaned
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E1(24%) U Ofok T oAl ZAE| (95)

Top TF-IDF Words for df_type_1_cleaned

s

CAEE A A S A

Words

(1% =% By

Selected Topic: [0 | [ Previous Topic || Next Topic | [ Clear Topic |

Intertopic Distance Map (via multidimensional scaling)

PC2

Marginal topic distribution

TF-IDF Score
w
(=]

[
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Slide to adjust L " N N I I
A=1 oo o0z 04 05 08

Top-30 Most Relevant Terms for Topic 1 (24.1% of tokens)
300 350

I Oversl v frequency

I c:tiated term frequency within the selected topic

1. saliencyiterm w) = frequency(w * [sum_t p(t | w) * logip(t | wi/p(t)] for topics t; see Chusng
2. relevance(term w | topic € = A plw | ) = (1 - A) * piw | t/p{w); see Sievert & Shirley (2014}

et 8l (2012)
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